DAFTAR PUSTAKA

Ahmad, N., Ghadi, Y., Adnan, M., & Ali, M. (2022). Load Forecasting
Techniques for Power System: Research Challenges and Survey. /[EEE
Access, 10, 71054-71090.
https://doi.org/10.1109/ACCESS.2022.3187839

Al-Selwi, S. M., Hassan, M. F., Abdulkadir, S. J., Muneer, A., Sumiea, E. H.,
Alqushaibi, A., & Ragab, M. G. (2024). RNN-LSTM: From applications
to modeling techniques and beyond—Systematic review. Journal of

King Saud University - Computer and Information Sciences, 36(5),
102068. https://doi.org/10.1016/j.jksuci1.2024.102068

Amini, M. (t.t.). Machine Learning and Deep Learning: A Review of Methods
and Applications. https://www.researchgate.net/publication/371011515

Bengio, S., Vinyals, O., Jaitly, N., & Shazeer, N. (t.t.). Scheduled Sampling
for Sequence Prediction with Recurrent Neural Networks.

Bengio, Y. (2009). Learning Deep Architectures for Al. Foundations and
Trends® in Machine Learning, 2(1), 1-127.
https://doi.org/10.1561/2200000006

Black, J. E., Kueper, J. K., & Williamson, T. S. (2023). An introduction to
machine learning for classification and prediction. Family Practice,
40(1), 200-204. https://doi.org/10.1093/fampra/cmac104

Brophy, E., Wang, Z., She, Q., & Ward, T. (2023). Generative Adversarial
Networks in Time Series: A Systematic Literature Review. Dalam 4ACM
Computing Surveys (Vol. 55, Nomor 10). Association for Computing
Machinery. https://doi.org/10.1145/3559540

Burkov, A. (2019). Hundred-Page ML Book.

Cui, W., Li, J., Xu, W., & Giineralp, B. (2021). Industrial electricity
consumption and economic growth: A spatio-temporal analysis across
prefecture-level cities in China from 1999 to 2014. Energy, 222, 119932.
https://doi.org/10.1016/j.energy.2021.119932

Dessain, J. (2022). Machine learning models predicting returns: why most
popular performance metrics are misleading and proposal for an
efficient metric. https://www.elsevier.com/open-access/userlicense/1.0/

Dudek, G. (2023). STD: A Seasonal-Trend-Dispersion Decomposition of
Time Series. IEEE Transactions on Knowledge and Data Engineering,
35(10), 10339-10350. https://doi.org/10.1109/TKDE.2023.3268125

65



Goodfellow, 1., Bengio, Y., & Courville, A. (2016). Deep Learning. MIT Press.

Goyal, A., Lamb, A., Zhang, Y., Zhang, S., Courville, A., & Bengio, Y. (t.t.).
Professor Forcing: A New Algorithm for Training Recurrent Networks.

Jadon, A., Patil, A., & Jadon, S. (2022). A4 Comprehensive Survey of
Regression Based Loss Functions for Time Series Forecasting.
http://arxiv.org/abs/2211.02989

Kanaparthi, V. (2024). Robustness Evaluation of LSTM-based Deep Learning
Models for Bitcoin Price Prediction in the Presence of Random
Disturbances. https://doi.org/10.21203/rs.3.rs-3906529/v1

Kobiela, D., Krefta, D., Krol, W., & Weichbroth, P. (2022). ARIMA vs LSTM
on NASDAQ stock exchange data. Procedia Computer Science, 207,
3830-3839. https://doi.org/10.1016/j.procs.2022.09.445

Kontopoulou, V. I., Panagopoulos, A. D., Kakkos, 1., & Matsopoulos, G. K.
(2023). A Review of ARIMA vs. Machine Learning Approaches for
Time Series Forecasting in Data Driven Networks. Dalam Future
Internet (Vol. 15, Nomor 8). Multidisciplinary Digital Publishing
Institute (MDPI). https://doi.org/10.3390/fi15080255

Koza, J. R., Bennett, F. H., Andre, D., & Keane, M. A. (1996). Automated
Design of Both the Topology and Sizing of Analog Electrical Circuits
Using Genetic Programming. Dalam Artificial Intelligence in
Design 96 (hlm. 151-170). Springer Netherlands.
https://doi.org/10.1007/978-94-009-0279-4 9

Latif, N., Durai Selvam, J., Kapse, M., Sharma, V., & Mahajan, V. (2023).
Comparative Performance of LSTM and ARIMA for the Short-Term
Prediction of Bitcoin Prices. Dalam ARIMA 256 AABFJ | (Vol. 17,
Nomor 1).

Lewis, C. D. (1982). Industrial and Business Forecasting Methods: A
Practical Guide to Exponential Smoothing and Curve Fitting.
Butterworth-Heinemann.

Ma, X., & Liu, Z. (2017). Application of a novel time-delayed polynomial
grey model to predict the natural gas consumption in China. Journal of
Computational  and  Applied  Mathematics, 324, 17-24.
https://doi.org/10.1016/j.cam.2017.04.020

Miller, C., Portlock, T., Nyaga, D. M., & O’Sullivan, J. M. (2024). A review
of model evaluation metrics for machine learning in genetics and
genomics. Frontiers in Bioinformatics, 4.
https://doi.org/10.3389/fbinf.2024.1457619

66



Naser, M. Z., & Alavi, A. H. (t.t.). Insights into Performance Fitness and
Error Metrics for Machine Learning. www.mznaser.com

Nosouhian, S., Nosouhian, F., & Kazemi Khoshouei, A. (2021). 4 Review of
Recurrent Neural Network Architecture for Sequence Learning:
Comparison between LSTM and GRU.
https://doi.org/10.20944/preprints202107.0252.v1

Pichler, M., & Hartig, F. (2023). Machine learning and deep learning—A
review for ecologists. Methods in Ecology and Evolution, 14(4), 994—
1016. https://doi.org/10.1111/2041-210X.14061

Plevris, V., Solorzano, G., Bakas, N. P, & Ben Seghier, M. E. A. (2022).
INVESTIGATION  OF PERFORMANCE  METRICS IN
REGRESSION ANALYSIS AND MACHINE LEARNING-BASED
PREDICTION MODELS. World Congress in Computational
Mechanics and ECCOMAS Congress.
https://doi.org/10.23967/eccomas.2022.155

Rafi, S. H., Al-Masood, N., Deeba, S. R., & Hossain, E. (2021). A short-term
load forecasting method using integrated CNN and LSTM network.
IEEE Access, 9, 32436-32448.
https://doi.org/10.1109/ACCESS.2021.3060654

Rauf, H. T., Lali, M. I. U., Khan, M. A., Kadry, S., Alolaiyan, H., Razaq, A.,
& Irfan, R. (2023). Time series forecasting of COVID-19 transmission
in Asia Pacific countries using deep neural networks. Personal and
Ubiquitous Computing, 27(3), 733-750.
https://doi.org/10.1007/s00779-020-01494-0

Russel, S. J., & Norvig, P. (2020). Artificial Intelligence: A Modern Approach
(4 ed.). Prentice Hall.

Saiktishna, C., Sumanth, N. S. V., Rao, M. M. S., & J, T. (2022). Historical
Analysis and Time Series Forecasting of Stock Market using FB Prophet.
2022 6th International Conference on Intelligent Computing and
Control Systems (ICICCS), 1846—-1851.
https://doi.org/10.1109/ICICCS53718.2022.9788231

Sherstinsky, A. (2018). Fundamentals of Recurrent Neural Network (RNN)
and Long Short-Term Memory (LSTM) Network.
https://doi.org/10.1016/j.physd.2019.132306

Shiri, F. M., Perumal, T., Mustapha, N., & Mohamed, R. (t.t.). 4

Comprehensive Overview and Comparative Analysis on Deep Learning
Models.

67



Taylor, S. J., & Letham, B. (2017a). Forecasting at Scale. Peer.J Preprints.
https://doi.org/10.7287/peerj.preprints.3190v2

Taylor, S. J., & Letham, B. (2017b). Forecasting at Scale. Peer.J Preprints.
https://doi.org/10.7287/peerj.preprints.3190v2

Triebe, O., Hewamalage, H., Pilyugina, P., Laptev, N., Bergmeir, C., &
Rajagopal, R. (2021). NeuralProphet: Explainable Forecasting at Scale.
http://arxiv.org/abs/2111.15397

Vivas, E., Allende-Cid, H., & Salas, R. (2020). A systematic review of
statistical and machine learning methods for electrical power forecasting

with reported mape score. Dalam Entropy (Vol. 22, Nomor 12, hlm. 1-
24). MDPI AG. https://doi.org/10.3390/e22121412

Wang, Y. (t.t.). A New Concept using LSTM Neural Networks for Dynamic
System Identification.

Zhoul, L., Chenl, M., & Ni, Q. (2020). A hybrid Prophet-LSTM Model for
Prediction of Air Quality Index. 2020 IEEE Symposium Series on
Computational Intelligence, SSCI 2020, 595-601.
https://doi.org/10.1109/SSCI47803.2020.9308543

68



